
Your Developers 
Already Sped Up. 
Did QA?
Why the Quality Gap in US 
Regional Banking Isn’t a Skills 
Problem It’s an Architecture One

Regional banks are already outpacing megabanks on 
AI adoption in software delivery.
Your developers probably moved faster already. 
The real question is whether 
QA moved with them.
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The Thesis, 
Stated Plainly

Why This Is 
Happening Now,  
Not in Three Years

Most bank technology leaders have 
this backwards. Regional banks aren’t 
behind on AI in software delivery. 
They’re ahead. McKinsey’s research 
found core regional banks moving 
faster than megabanks through the 
ideation and deployment stages 
of generative AI adoption. Fewer 
megabank use cases actually reach 
full production. In one McKinsey case 
study, a regional bank saw developer 
productivity increase 40%. More than 
80% of its engineers said generative AI 
made their day-to-day coding better.

It would be convenient if this were a future problem, 
something for next year’s budget cycle. It isn’t. Three 
forces are compounding right now, in the same 
institutions.

Development velocity already increased, per the data 
above, and it keeps increasing as coding assistants 
mature and get embedded deeper into developer 
workflows. This isn’t a one-time bump. It’s a new baseline 
pace, and it only creates value if release cycles speed up 
to match it. For most institutions, they haven’t. The AI 
investment that accelerated coding doesn’t compress 
the feature-to-release timeline on its own, because QA 
keeps absorbing the extra throughput at the same pace it 
always ran at. The bottleneck simply moves further down 
the pipeline, from writing code to verifying it.

Real-time infrastructure is expanding the surface area 
that has to be tested under time pressure. FedNow and 
other instant-payment rails don’t just add a feature to test. 
They compress the testing window for anything touching 
payments, from a batch-cycle timeframe down to same-
day, sometimes same-hour.

And agentic AI, systems that don’t just generate 
content but execute multi-step tasks on their own, is 
moving from experimentation to production faster 
than most governance frameworks planned for. FINRA 
added agentic AI as a named risk category in its 2026 
report, covered later in this briefing. That alone tells you 
regulators see this as already underway, not hypothetical.

Put those three together and the timeline compresses 
on its own. A developer ships an AI-assisted change on 
Monday. It touches a payments integration running on a 
same-hour testing window by Wednesday. By Friday, an 
examiner wants to know who approved the AI-generated 
test that covered it. None of that is hypothetical. It’s just 
Tuesday.

None of these three forces waits for your timeline. A bank 
can choose when to modernize its core. It has a lot less 
control over when developers start outpacing QA, when 
a competitor launches a real-time feature that resets 
customer expectations, or when an examiner asks how  
AI-assisted decisions get governed. The institutions 
treating this as a 2026 question, not a 2028 one, are 
already showing up in the adoption numbers above.

So here’s the question most 
technology roadmaps skip:

That’s not five years out. 
It already happened, at 
institutions your size.

If development got 40% 
faster, did QA get 40% more 
capable at the same time? 

For most regional banks and 
credit unions, the honest 
answer is no. QA is still running 
scripted automation built 
for a release cadence that 
stopped existing a while ago, 
and scripted automation 
doesn’t get faster on its own. 
It scales with headcount, not 
with how quickly development 
moves, so every gain on the 
development side widens 
the gap instead of closing it. 
What that gap actually costs is 
covered in detail below.
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What “Scripted” Means, and What 
“Intelligent” Actually Fixes

A scripted test is a fixed, pre-written sequence: click here, enter this value, assert that result. Someone 
writes it once, and it runs unchanged until someone manually edits it. It doesn’t reason about why 
a test exists or what risk it protects against. When the application changes, the script breaks instead 
of adapting. Coverage and prioritization are human judgment calls made once, not re-evaluated as 
the system evolves. A change touching systems nobody thought to re-check just sits invisible until 
production finds it.

None of this self-adjusts, so it scales linearly with effort. More releases and integrations mean 
proportionally more people writing and maintaining scripts. That’s the mechanism behind a number 
that should worry any CIO: the cost of poor software quality runs to an estimated $2.41 trillion annually, 
industry-wide. For an individual technology leader, that gap shows up as a “quality blind spot” covering 
roughly 30% of what actually needs testing but isn’t visible until something breaks.

“Intelligent” is Pulse’s answer to that trap, and it’s worth naming precisely instead of leaving it as a 
vague opposite of “scripted.” A knowledge fabric built from requirements, defect history, and production 
telemetry decides what needs testing and how urgently, instead of only executing what it’s told. 
Context-aware regression prioritizes by what a change actually touches and what’s historically broken 
along that path. Test design generates new scenarios from requirements and defect patterns instead 
of waiting on a person to write them. Self-healing locators adapt to UI changes instead of breaking and 
waiting for a fix.

If the system itself understands context and risk, it can keep pace with change without effort scaling 
linearly alongside it. That’s what makes “the trade-off was never fundamental” a real claim, not a slogan. 
The fix was never more tests. It’s the right tests at the right time.



4

Story Assessment. The team logs the request: 

Add a bullet repayment option for SME term loans. Before a single test is written, 
the system pulls in everything already known about this area of the platform: prior 
defects tied to loan-servicing changes, existing test cases, relevant business rules. The 
assessment starts from institutional memory, not a blank page.

Behaviour & Risk Mapping. The system maps which parts of the bank the change 
actually touches: 

Product configuration, servicing calculations, origination workflows, and the 
downstream integrations nobody put in the original ticket. This replaces tribal 
knowledge - the one senior engineer who “just knows” loan changes touch the 
statement-generation batch job - with a documented, repeatable dependency map that 
survives staff turnover.

Intelligent Test Design. Only once risk and impact are understood does test 
design happen:

Scenario generation covering positive, negative, boundary, and edge cases, weighted 
toward the areas history shows are most likely to break. That’s “the right tests before a 
line of code is written” in practice, not a slogan.

Governance & Planning:

Every generated test and every risk call goes to a subject-matter expert for review before 
it’s approved to proceed. Nothing ships unreviewed. The SME keeps full authority over 
what counts as sufficiently tested, and that review gets recorded.

Automation & Execution:

Approved tests run, including regression, in a risk-weighted order rather than as one 
undifferentiated block. Results feed back into the knowledge layer, so the next change 
in this area starts from a better-informed baseline than this one did.

A Change That Looks Simple. It Isn’t.

Consider a common scenario. A bank’s SME lending team wants to add a bullet repayment option, a 
single new feature, seemingly contained. In practice, it touches product configuration, loan servicing 
calculations, origination workflows, and at least two or three downstream integrations that weren’t 
part of the original request. None of this is unusual. It’s what “simple” changes actually look like inside a 
bank’s real system topology.

A connected, AI-native approach handles it differently. Stage by stage:

The result of that sequence is what a good change process should feel like: risk identified and 
tested before release, not discovered as a defect after it.



5

Each of these exists because doing any one of them manually, at bank 
scale, across multiple portfolios, is exactly the linear-effort trap de-
scribed earlier. The platform doesn’t replace judgment. It removes the 
repetitive, error-prone parts of applying that judgment consistently, at 
the pace the rest of the SDLC is already moving. None of this is exotic. 
It’s the same kind of architecture banks already trust for fraud detec-
tion and credit decisioning, pointed at quality instead.

Conversational Workbench.  
A chat-based interface puts 
prompts, workflows, and 
generated outputs in one place. 
Less tool-switching between 
requirements docs, test 
management tools, and defect 
trackers.

Cognitive Core. This is what turns 
raw knowledge into decisions: 
orchestrating model inference 
so requirements, defect history, 
and domain knowledge become 
actionable test designs and risk-
aware prioritization, not just a 
searchable archive.

QE Agents and Workflows. 
Packaged agents convert user 
stories directly into design 
outputs: scenario creation, test 
case generation, execution 
prioritization. Automation-ready 
outputs, aligned to whatever 
testing stage needs them, from 
component-level checks through 
user acceptance.

Knowledge Management.  
A hybrid retrieval layer, combining 
vector and graph-based storage, 
continuously ingests playbooks, 
prior test cases, defect history, 
and telemetry. That knowledge 
stays governed and queryable, 
searchable by meaning through 
the vector layer, traceable by 
relationship through the graph 
layer, instead of scattered across 
wikis and inboxes.

Preset Prompt Library. A curated 
library of persona-specific 
prompts standardizes how 
QA tasks get done across the 
testing lifecycle: requirements 
analysis, test design, defect 
triage, reporting. Outcomes 
stay consistent no matter who’s 
doing the work, and new team 
members ramp up against a 
documented standard instead of 
institutional folklore.

UI Element Repository Builder. 
For teams still doing UI-level 
automation, this component 
discovers application elements 
automatically and builds a 
reusable, self-healing repository. 
An interface change doesn’t 
automatically mean a broken 
script and a maintenance ticket.

The Six Capabilities Behind the Claim

None of this works as a slogan. It requires specific architecture. Six capabilities sit underneath 
everything described above:
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In practice, the same underlying need shows up as 
a different priority depending which portfolio feels 
the pressure first. A regional bank’s payments team 
is keeping pace as real-time rails compress testing 
windows from same-day to same-hour. A community 
bank’s lending team is layering fair-lending and TRID 
checks onto an origination system as products evolve. 
A credit union’s compact QA function is validating a 
growing list of fintech integrations without adding 
headcount. Different institutions. Same underlying 
need: testing knowledge that scales with how many 
systems depend on it now.

Same Pressure, Different Shape

This isn’t a uniform market, and the pressure described above shows up differently depending on 
institution size:

Segment Where the pressure actually shows up

Tier 2  
Regional banks

Tier 3-4 
Community banks

Credit unions

Typically run the widest portfolio spread: core banking, digital channels, 
payments, lending, BSA/AML, fintech integrations, and regulatory 
reporting, each on its own release cadence, usually covered by one 
QE function working across all of them. That breadth is exactly where 
connected, cross-portfolio visibility earns its value. Understanding how 
a change in one area ripples into six others is a systems question, not a 
staffing one.

Increasingly choosing best-of-breed overlay tools that sit alongside 
the existing core and loan origination system rather than a multi-year 
platform replacement. Any quality-engineering investment here needs 
to deploy fast and sit on top of existing tooling, not replace it.

QA most often runs as a shared responsibility inside a broader IT 
role: one to three people, not a dedicated function. Roughly 70% of 
institutions in this asset range already have some form of AI adoption 
underway, and close to 60% currently prioritize fintech partnerships. 
Both expand the number of systems in scope for a compact  
QA function.
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What Changes 
Day-to-Day for 
Your QA Team

For the people actually doing this work, the shift is 
concrete, not conceptual.

Take a test lead who spends the first two days of 
every sprint manually reading tickets, hunting for 
related defects, asking around to find out which 
systems a change touches. That assessment 
now gets assembled automatically, in minutes, 
grounded in the bank’s own history instead of 
institutional memory that may or may not still be 
accurate.

A QA engineer who writes test scripts by hand, then 
spends half of every following sprint fixing scripts 
that broke because a button moved, now reviews 
and approves system-generated scenarios and  
self-healing automation instead. That reclaimed 
time goes toward the calls that actually need a 
person: is this edge case worth testing given what 
we know about this product line, does this defect 
pattern point to something deeper.

And a QA manager who used to have nothing 
better than “we ran the regression suite” when 
asked how confident the team is in a release now 
has a risk-weighted view of what was tested, what 
wasn’t, and why. Something that actually holds up 
in front of a CTO, or increasingly, an examiner.

None of this requires the team to learn a new 
discipline. It requires shifting from writing and 
maintaining scripts to reviewing and directing 
a system that handles the repetitive mechanics. 
Developers at these institutions probably already 
made a version of this shift, if the bank is among the 
regional players already moving fastest on  
GenAI-assisted coding.
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The middle path is the one most institutions default 
to without deciding to. A hire here, a contractor there, 
in response to whatever broke most recently. It feels 
lower-risk because each hire is a small decision. Over 
several years, though, it’s the most expensive path 
on the table. The underlying inefficiency, linear effort 
scaling against exponential system complexity, never 
actually gets fixed. It just gets staffed around, until the 
next reorg or budget cycle forces the question again.  
A $2B bank might add two QA hires this way over three 
years and still not close the gap, because two people 
can’t out-scale linear growth in system complexity.

The Trade-off You’re Actually Weighing

Every technology leader in this position eventually chooses between three paths:

Path What it buys you

Do nothing

Add QA 
headcount

Adopt connected, 
risk-aware QE

No near-term budget ask

More coverage, proportional 
to hires

Coverage and speed improve 
together, without linear 
headcount growth

What it costs you

The gap between dev velocity 
and QA capacity keeps 
widening every sprint. Defect 
leakage and release delays 
compound quietly.

Costs scale linearly with change 
volume. Same trap that makes 
scripted automation expensive, 
just with people instead of 
scripts.

Requires a genuine shift from 
scripted to intelligent tooling. 
Not a plug-in. A change in how 
testing decisions get made.



9

What This Looks 
Like When It’s 
Working What This Isn’t

Platforms built on this model, connected 
knowledge, risk-based prioritization, human-
governed AI output, are already delivering 
measurable results in banking environments. 
Test coverage moving from roughly 70% to 
over 99%. Testing costs down 35%.  
Time-to-market 40% faster. Support costs 
down 20%. Automation adoption up 50% 
across teams that used to rely on individual 
scripting expertise. Within test design 
and execution specifically, teams report 
productivity gains of roughly 60% in design 
and 30% in execution. The gap between 
the two makes sense: test design used to 
be almost entirely manual analysis, while 
execution was already partially automated in 
most shops.

None of this requires replacing your core 
platform or your existing test management 
tooling. It requires treating quality engineering 
as something that reasons about your system, 
instead of something that only executes 
instructions written for a version of your system 
that stopped existing a while ago. Put in terms 
from earlier: that’s the test lead getting most of 
two days back per sprint, and the QA engineer 
spending less time fixing broken scripts and 
more time on the calls a system can’t make. 
Numbers on a slide don’t mean much until 
they show up in somebody’s actual week.

This isn’t a rip-and-replace of your existing test 
management or CI/CD tooling. It sits on top of 
what you already run. No migration required 
before it delivers value.

This isn’t a plan to cut your QA headcount.  
The gap in this briefing was never too many 
people. It’s too much manual, repetitive work 
eating time that should go toward judgment 
calls a system can’t make. The productivity 
numbers reflect the same team doing more of 
the work that actually requires expertise, not 
fewer people doing the same work.

And this isn’t a black box making decisions 
nobody can explain. Every AI-generated test, 
every risk score, every prioritization call is 
visible and needs human sign-off before it acts 
on anything. If FINRA, an internal auditor, or 
your own CTO asks why a specific test ran or 
didn’t, there’s a documented answer.  
Not “the algorithm decided.”

And to be fair about the limits: this isn’t a fix 
for a badly maintained core system. If the 
dependency map is wrong because nobody’s 
updated it in five years, the platform surfaces 
that gap fast, but it won’t fix bad data on its 
own. It gets you further, faster, than manual 
discovery ever could. It doesn’t replace the 
work of actually knowing your systems.
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The Governance Question Examiners 
Are Already Asking

This isn’t only a productivity conversation  
anymore. FINRA’s 2026 Annual Regulatory 
Oversight Report introduced a standalone  
section on generative AI for the first time,  
including explicit guidance on the risks of 
autonomous AI agents, also a first. FINRA 
doesn’t mandate specific technologies. It does 
expect firms to document how AI is used, test 
and monitor its outputs, assign clear human 
accountability, and keep records of AI-assisted 
decisions. Supervision is focused on outcomes, 
not intent.

That expectation applies to AI-generated test 
cases and automated quality decisions just 
as much as any other AI-assisted output in a 
bank’s operations. A QA function that can’t 
show who reviewed and approved an  
AI-generated test, or why a specific risk got 
flagged or didn’t, is building exactly the kind of 
gap examiners are positioned to find now.

The report gets specific about what 
“governed” means for AI agents, naming 
four risk categories:
Autonomy, agents acting without human 
validation; scope and authority, agents acting 
beyond their intended boundaries; auditability 
and transparency, multi-step agent reasoning 
that’s hard to trace or explain; and data sensi-
tivity, agents operating on sensitive informa-
tion without adequate controls. Every one of 
those maps directly onto what a QA platform 
does once it starts making testing and prior-
itization decisions on a bank’s behalf. That’s 
exactly why the governance model matters as 
much as the productivity numbers. For a Tier 3 
bank with one QA function covering everything 
from core to compliance, that’s not an abstract  
requirement. It’s the audit trail that keeps the 
whole platform defensible when an examiner 
finally asks the question.
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Before the next technology 
roadmap gets finalized, it’s 
worth asking three questions 
honestly:

If a developer’s AI-assisted change touched three 
systems your QA team didn’t expect, would you find 
out before release or after?

Could you show, today, who reviewed and approved 
the last AI-assisted testing decision your team made?

What fraction of this year’s QA effort is spent  
maintaining scripts versus actually reasoning 
about risk?

If those answers are uncomfortable, the fix 
isn’t a bigger QA team, and it isn’t a multi-year 
platform overhaul. It’s a deliberate shift to  
quality engineering that keeps pace with how 
fast your developers already moved.
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About Maveric Systems
Maveric Systems is a banking and financial services technology specialist with 25+ years 
of domain-led delivery across retail, corporate, wealth, and capital markets institutions 
globally. Maveric’s Pulse platform brings connected, risk-aware, AI-native quality  
engineering to banks and credit unions, without requiring a core platform  
replacement.
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Scale Proprietary Framework 
for AI adoption at Scale
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