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A CIO & CRO Mandate 
for Global Banks
AI Compliance 
and Regulatory 
Governance
AI governance, not AI capability, will determine 
which banks scale AI safely and which spend 

the next decade remediating it. Capability is now 
abundant, Trust is not. And trust is the constraint 
that decides who wins.
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Executive Summary

Artificial intelligence has moved from experimental 
capability to the operating core of credit, fraud, 
customer engagement, and back-office decisioning 
at every bank in this series’ evidence base. The 
governance models most institutions still run were 
built for a smaller, slower, more explainable  
estate - and they are now the binding constraint 
on how much of that capability a bank can safely 
deploy.

This is not a forecast. It is the present regulatory 
posture. The EU AI Act’s high-risk obligations under 
Annex III - covering credit scoring, AML monitoring, 
and insurance underwriting - were deferred by the 
May 2026 Digital Omnibus agreement from August 
2026 to 2 December 2027, but the  
Act’s prohibited-practice rules have applied since 
February 2025 and the European AI Office gains 
direct supervisory and enforcement power over 
general-purpose AI providers from August 2026 
regardless. In the United States, the Federal 
Reserve’s SR 26-2 (April 2026) has superseded 
SR 11-7 and SR 21-8 as the interagency model risk 
management guidance banks are examined 
against, and the CFPB’s Circular 2026-03 (May 2026) 
confirmed that lenders remain fully accountable 
under ECOA and Regulation B for explaining adverse 
decisions made by machine-learning underwriting 
models - complexity and proprietary architecture are 
not a defence. In the UK, the PRA has named  
AI adoption a 2026 supervisory priority under SS1/23, 
and a House of Commons Treasury Committee 
report has called on the FCA and PRA to publish  
AI-specific consumer-protection guidance and 
SMCR accountability clarity by the end of 2026. 
Singapore’s MAS FEAT Principles remain the 
reference standard across APAC supervisory 
conversations.

The pattern across every jurisdiction is the same, 
even where the instruments differ: regulators are 
moving from asking whether a bank uses AI to 
asking whether the bank can demonstrate, on 
demand and with production evidence, that its AI is 
controlled.
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How to use this paper:

Over the next 12–24 months, the CIO and 
CRO must jointly industrialise AI governance 
beyond model risk, establish enterprise-
wide accountability for AI decisions, embed 
real-time monitoring and explainability as 
architecture rather than reporting, and bring 
third-party and generative AI inside the same 
control perimeter as internally built models. 
Banks that do this scale AI competitively. 
Banks that don’t face regulatory friction that 
constrains innovation more than any control 
framework would have.

Establishes why AI governance is a different 
discipline from model risk management, grounded 
in the same determinism argument that opened 
this research series.

SECTION 1

Introduces the Enterprise AI Accountability 
Architecture - the four-layer governance model this 
paper argues every AI-first bank needs. 

SECTION 4

Sets out the regulatory convergence across four 
jurisdictions with current citations. 

SECTION 2

Shows how the evidence from Papers 1–4 maps onto 
that architecture, closing the series. 

SECTION 5

Diagnoses where bank operating models fall short 
today. 

SECTION 3

Cover the trade-offs leaders must actively decide, the 
maturity model, the implementation roadmap, and 
the joint CIO/CRO mandate.

SECTION 6-9

Where the Gap 
Actually Sits

Left unaddressed, this gap produces three 
concrete outcomes: regulatory findings that trigger 
remediation programmes running five to ten 
times the cost of the monitoring and explainability 
infrastructure that would have prevented them; 
reputational exposure at the moment an AI-driven 
decision cannot be reconstructed for a customer 
or a regulator; and a strategic slowdown as risk and 
compliance functions - correctly - refuse to clear AI 
initiatives that cannot demonstrate control.

AI adoption is accelerating faster 
than governance maturity - the four 
whitepapers preceding this one 
document, domain by domain, capability 
outpacing the infrastructure to validate it.

Model risk management frameworks 
built for SR 11-7-era model inventories are 
necessary but structurally insufficient for 
real-time, continuously learning, agentic 
systems - a gap SR 26-2 was written 
specifically to close.

Accountability for AI is fragmented across 
technology, risk, compliance, and business 
teams, which regulators now treat as 
a control failure in its own right, not an 
organisational detail.

The Mandate, In One Move
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Why AI Governance is a Different 
Discipline
Money is the resource that makes an individual - and a family - capable of living a stable life. Banks exist as 
the trusted place to park that resource, on the assurance that it is safe and available when needed. People 
have organised their financial lives around a deterministic expectation of that assurance: the balance will 
be there, the transaction will clear, the decision will be consistent. AI is not, by its native construction, a 
deterministic technology. Outputs shift with data drift, with retraining, with context. The question this paper 
exists to answer is not whether that non-determinism can be eliminated - it cannot, and should not be, 
because the adaptive behaviour is exactly what makes AI capable of things static systems were not. The 
question is how a bank makes AI behave with enough consistency, transparency, and accountability that it 
can still carry the deterministic promise banking has always made to its customers.

That is what governance is for in an AI-first bank. Not a control layer bolted onto capability after the fact, but 
the engineering discipline that converts a genuinely non-deterministic technology into a system a regulator, 
a customer, and a board can trust - without giving up the adaptive intelligence that is the entire reason to 
deploy it.

1.1	 Non-Deterministic Behaviour 	  
	 is the Starting Condition,  
	 Not an Edge Case

Machine learning and generative models do not run 
fixed logic. Outcomes evolve with data drift, with 
model retraining, and with the specific context a 
decision is made in. A rules engine either fires or it 
doesn’t, on the same inputs, every time. A model can 
return a different answer to a functionally identical 
question next quarter, and be operating exactly as 
designed when it does.

1.3	 Continuous Learning Means  
	 Continuous Validation,  
	 Not One-Time Sign-Off

Unlike a static system validated once at deployment, 
an AI system degrades, drifts, and requires ongoing 
recalibration. A model that passed every  
pre-deployment gate can still be quietly wrong  
six months into production - not because it was built 
badly, but because the world it is scoring has moved 
and no one has been watching for it.

1.2	 Opacity Creates a Structural  
	 Tension With Explainability

The models with the strongest predictive 
performance are frequently the least interpretable. 
That tension - predictive accuracy against regulatory 
transparency - cannot be resolved by picking a 
side. It has to be engineered around, through 
explainability infrastructure that sits alongside 
the model rather than inside it: decision-level 
reconstruction that does not depend on the model 
itself being simple.

1.4	 The Risk Surface is Wider  
	 Than Model Risk Ever Covered

•	 Bias and fairness in outcomes, not just in  
training data

•	 Ethical use of data the model was never explicitly 
told to avoid using

•	 Third-party and vendor model dependencies the 
bank did not build and cannot fully inspect

•	 Generative AI’s specific unpredictability - open-
ended outputs a fixed test suite cannot fully 
bound

SECTION 1
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1.5	 The Agentic Frontier: What  
	 Changes When No One  
	 Reviews the Decision

Everything in Sections 1.1–1.4 assumes a model that 
produces an output a human then acts on - a score, 
a recommendation, a flag. Regulatory frameworks 
across every jurisdiction in Section 2, including SR 
26-2 and the EU AI Act, are still substantially built 
around that assumption: a human accountable 
for the outcome, reviewing or at minimum able to 
review the decision. Agentic AI - systems that don’t 
just recommend an action but execute a multi-
step workflow autonomously, from loan origination 
checks through to treasury reconciliation and initial 
fraud disposition - breaks that assumption at the 
architecture level, not just at the margin. There is 
no single decision point left for a human to review, 
because the “decision” is now a chain of dozens of 
smaller agent actions, several of which may never 
surface as an event a compliance function would 
think to examine.

This is not a future problem to plan for once agentic 
deployment arrives. Every whitepaper in this 
series has already documented agentic patterns 
in production - Paper 1’s agentic SDLC, Paper 3’s 
autonomous fraud disposition, Paper 4’s AI-driven 
compliance monitoring itself. The regulatory 
instruments in Section 2 have not yet caught 
up to this shift, which means the banks building 
agentic capability now are, in effect, defining what 
“accountability” means for autonomous decisioning 
before their regulator does. That is a genuine 
strategic choice, not a compliance afterthought: 
Layer 4 of the Accountability Architecture in Section 
4 - audit trail and outcome ownership - has to be 
redesigned for a world where the auditable unit is an 
agent’s decision chain, not a single model’s output, 
well before any regulator writes that requirement 
down. The banks that build this now will be defining 
the standard their peers get examined against. The 
banks that wait will be examined against a standard 
someone else wrote.

This is the same determinism argument 
that has run through this entire research 
programme, and the same three capability 
shifts - context-specific intelligence, 
unstructured data as a decision surface, and 
intelligence-layer governance - apply here at 
the enterprise level. Prior papers in this series 
showed what those shifts require domain by 
domain. This paper shows what they require 
of the operating model that sits above all 
four.

The Same Argument,  
At Enterprise Scale
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The Regulatory Convergence

The instruments differ by jurisdiction. The direction does not. Every major regulator with supervisory 
authority over banking AI is moving along the same three axes: from periodic validation to continuous 
assurance, from model-level oversight to system-level governance, and from documentation to 
demonstrable control effectiveness.

2.1	 European Union

The EU AI Act classifies credit scoring, AML 
monitoring, and other financial-services applications 
as high-risk under Annex III, carrying obligations for 
transparency, human oversight, data governance, 
and conformity assessment. Prohibited-practice 
provisions have applied since 2 February 2025. The 
May 2026 Digital Omnibus agreement deferred the 
Annex III high-risk compliance deadline from  
2 August 2026 to 2 December 2027 - a  
sixteen-month extension driven by the technical 
conformity-assessment standards not being ready, 
not by any softening of the underlying requirement. 
What did not move: the European AI Office gains 
direct enforcement power over general-purpose  
AI model providers from August 2026, and Article 50 
transparency obligations - disclosure of AI-generated 
and synthetic content - remain on the original 
schedule. A bank that reads the sixteen-month 
extension as licence to defer its governance build is 
reading it wrong; the extension bought time to meet 
a bar that has not been lowered.

2.3	 United Kingdom

The PRA’s SS1/23 model risk principles apply to all 
models used in risk management and financial 
decisioning, AI included, and the PRA has named 
AI adoption a named 2026 supervisory priority 
- meaning direct questions on governance and 
oversight frameworks in supervisory dialogue, not a 
theoretical expectation. The FCA has been explicit 
that it does not intend a bespoke AI rulebook, 
preferring to supervise AI through Consumer Duty, 
SMCR, and existing conduct rules - but a House of 
Commons Treasury Committee report has called 
on the regulators to publish practical AI-specific 
guidance by the end of 2026, clarify senior-manager 
accountability for AI decisions under SMCR, and 
run AI-specific stress testing. The FCA’s Mills Review, 
launched January 2026, is examining how AI will 
reshape retail financial services over the medium 
term. The direction of travel - principles-based today, 
tightening toward specificity - is the same pattern 
the EU and US have already completed.

2.2	 United States

The Federal Reserve’s SR 26-2, issued April 2026, 
supersedes SR 11-7 and SR 21-8 as the interagency 
model risk management guidance banks are 
examined against. Frameworks built purely to the SR 
11-7 standard - oriented around periodic validation 
and static documentation - are, by the Fed’s own 
action, no longer sufficient on their own.  

On the consumer-protection side, the CFPB’s 
Circular 2026-03 (May 2026) confirmed that lenders 
using machine-learning underwriting models 
remain fully responsible under ECOA and Regulation 
B for providing specific, accurate reasons for adverse 
action - a proprietary or uninterpretable model is 
explicitly not an excuse. Decision-level explainability 
is not a best practice in this environment. It is the 
compliance requirement.

SECTION 2
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2.4	 Asia-Pacific

Singapore’s MAS FEAT Principles (Fairness, 
Ethics, Accountability, Transparency) remain the 
reference standard cited across APAC supervisory 
conversations, and continue to inform how the 
Monetary Authority of Singapore expects AI-using 
financial institutions to govern model risk. Hong 
Kong’s HKMA and India’s RBI have each issued 
their own AI risk-management expectations within 
their existing supervisory frameworks rather than 
standalone AI statutes - the same principles-based-
first, tightening-later pattern visible in the UK. For 
a bank operating across US, UK, EU, and APAC 
footprints simultaneously, the practical implication 
is convergence of substance without convergence of 
instrument: the same four capabilities - explainability, 
auditability, human accountability, lifecycle 
monitoring - satisfy the letter of every regime, even 
though no single filing satisfies all of them at once.

2.5	 Regional Nuance - One Convergent Direction, Four Different  
	 Starting Points

Regulation is moving from periodic validation 
to continuous assurance; from model-level 
oversight to system-level governance; from 
documentation to demonstrable,  
production-evidenced control. A governance 
programme built to produce documents for 
an examiner will fail the newer instruments 
in every jurisdiction above. A governance 
programme built to produce live evidence on 
demand satisfies all of them, because that is 
the one requirement every regulator listed 
above now shares.

What This Means For Your 
Operating Model

Jurisdiction

EU

US

UK

APAC

Instrument Operational Constraint

AI Act (Annex III), Digital 
Omnibus 2026

Conformity assessment 
infrastructure not yet 
market-ready

SR 26-2, CFPB Circular 
2026-03

Legacy SR 11-7 frameworks 
now formally insufficient

PRA SS1/23, FCA principles-
based

SMCR accountability for  
AI decisions still undefined

MAS FEAT, HKMA and RBI 
guidance

Posture

Prescriptive, phased, 
extended to Dec 2027 for 
high-risk

Supervisory + enforcement, 
examination-driven

Existing-framework-first, 
tightening by end-2026

Principles-based, 
supervisory dialogue

Fragmented instruments 
across jurisdictions in one 
region
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The Gap in Current Bank  
Operating Models
Most banks are responding to this convergence by extending frameworks they already have. That approach 
is running out of road.

3.1	 Over-Reliance on Model Risk  
	 Management

Frameworks built to the SR 11-7 tradition are strong 
on validation rigour and documentation discipline. 
They were not designed for real-time monitoring, 
for orchestrating an AI lifecycle that includes agentic 
decisioning, or for the specific unpredictability 
of generative AI outputs. SR 26-2 exists precisely 
because the Federal Reserve reached the same 
conclusion.

3.4	 Third-Party AI Blind Spots

Reliance on external models, vendor APIs, and SaaS 
AI platforms is increasing across every domain in this 
series - customer service copilots, fraud-scoring APIs, 
embedded credit models. Regulatory accountability 
for the outcome sits with the institution regardless 
of who built the model. A bank cannot satisfy 
an examination by producing a vendor’s model 
card; it has to produce evidence that the model 
was validated against its own risk appetite and 
governance framework, which most third-party AI 
programmes today cannot do.

3.2	 Fragmented Ownership

AI governance today typically sits split across the CIO 
and technology function, the CRO and model risk 
team, compliance, and the business units actually 
using the models. The result is unclear accountability, 
gaps in control coverage at the seams between 
functions, and inconsistent standards for what 
‘production-ready’ even means from one team to the 
next. Regulators increasingly treat this fragmentation 
itself as a control failure - not a governance detail to 
be tidied up later, but the finding.

3.5	 Business-Line Differences  
	 Most Governance  
	 Programmes Ignore

A single enterprise AI governance policy rarely 
fits retail, wholesale, and capital markets equally. 
Retail banking’s AI risk is concentrated in high-
volume, individually low-value decisions - credit, 
fraud, servicing - where the governance priority is 
decision-level explainability at scale. Wholesale and 
commercial banking’s AI risk is concentrated in 
fewer, larger, more judgment-dependent decisions, 
where the governance priority shifts toward human-
in-the-loop design and model concentration risk. 
Capital markets AI - trading signal generation, 
execution algorithms - carries its own market-
conduct and systemic-risk dimension that neither 
retail nor wholesale governance frameworks were 
built to cover. A governance model that treats all 
three the same is, in practice, over-controlling one 
and under-controlling another.

3.3	 Limited Production  
	 Monitoring

Most institutions still lack real-time performance 
monitoring, bias detection running in production 
rather than at training time, and automated 
alerting that intervenes before a drifting model has 
made thousands of decisions on the same stale 
assumption.

SECTION 3
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3.6	  The Constraint This Paper Is  
	 Actually Written For

Everything above applies to a global systemically 
important bank as much as it does to a $10–500B 
regional or upper-mid-market institution. What 
differs is not the regulatory obligation - SR 26-2, the 
EU AI Act, and the FCA/PRA posture apply the same 
requirement regardless of balance-sheet size - but 
the resources available to meet it. A Tier 1 institution 
can staff a dedicated AI governance function, build 
proprietary monitoring tooling, and run parallel 
validation teams. A regional bank operating on a 
leaner technology budget, a smaller specialist bench, 
and a core banking estate that is frequently older 
and less instrumented cannot absorb the same 
fixed cost of governance - which means the four-
layer architecture in Section 4 has to be built to be 
proportionate, not just correct.

In practice this shows up in three specific constraints 
this paper’s audience faces that a Tier 1 governance 
programme does not:

•	 Talent scarcity at the intersection of ML 
engineering and regulatory compliance - the 
specialist who can build a drift-monitoring 
pipeline and explain it to an examiner is a role 
most regional banks compete for against far 
larger employers, and rarely win outright; a 
governance architecture that assumes this hire is 
available will stall at Section 4, Layer 3.

•	 Legacy core banking instrumentation - 
continuous production monitoring (Layer 3) 
depends on the core generating the event-level 
data to monitor. A core banking estate that was 
never built to expose that telemetry has to be 
modernised in parallel with the governance 
build, not after it, which is exactly the sequencing 
dependency Paper 2 in this series describes.

•	 Governance budget that has to compete, line 
item by line item, against revenue-generating 
technology spend - which means the business 
case for this architecture has to be made in 
terms of avoided remediation cost and preserved 
deployment velocity (Section 10), not framed as a 
compliance tax a larger institution could absorb 
without the same scrutiny.

This is the reason build-vs-buy in Section 6.3 resolves 
differently for this paper’s audience than it would 
for a global bank: a regional institution is structurally 
more likely to need a governance platform it can 
configure rather than one it has to build, because the 
specialist bench to build it in-house is the scarcest 
resource in the entire architecture - not the budget 
line, the people.

A regional bank running fraud detection, 
credit decisioning, and a customer-service 
copilot each governed by a different 
function-with no shared definition of 
production-ready-discovers the gap only 
when a regulator asks why three different 
models produced three different confidence 
thresholds for the same customer risk 
category. The finding is never ‘the models 
were wrong.’ It is ‘the bank could not explain 
why they disagreed.’

Pattern In Practice
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The Enterprise AI Accountability 
Architecture
Closing the gap in Section 3 requires an operating model, not another policy document. This paper 
introduces the Enterprise AI Accountability Architecture: four layers, each owned, each auditable 
independently, and each a structural dependency for the trust claims made in Papers 1–4 of this series.

The Enterprise AI Accountability Architecture 
is the governance-layer counterpart to the 
Four-Layer Trust Architecture set out earlier 
in this research programme 

Where that architecture describes what 
makes an individual AI system trustworthy, 
this one describes the enterprise operating 
model that keeps every system’s trust claim 
governed, owned, and auditable at scale.

Two Architectures, One Programme

Data Trust

System 
Trust

Model Trust

Outcome 
Trust

The architecture is deliberately layered rather than 
flat, because each layer depends on the one beneath 
it. A monitoring layer built without a risk taxonomy 
monitors the wrong things. An audit layer built 
without lifecycle governance has nothing traceable 
to audit. The failure mode this paper sees most 
often is banks building Layer 3 - dashboards and 
monitoring tools - as a standalone purchase, without 
Layers 1 and 2 underneath it to give the dashboard’s 
alerts any governed meaning.

What It Defines / EnablesLayer Primary Owner

AI risk taxonomy, acceptable-use policy, 
risk classification mapped to each 
applicable regulatory regime

Policy & Risk 
Framework

CRO, with CIO input

Model development standards, validation 
and approval workflow, deployment 
controls, change management

Lifecycle 
Governance

CIO / Head of 
Engineering

Real-time performance and drift 
tracking, bias and fairness monitoring in 
production, automated escalation

Continuous 
Monitoring

CIO, jointly 
accountable with CRO

CRO, jointly 
accountable with CIO

Clear ownership of every AI outcome, full 
audit trail, regulatory reporting readiness 
on demand

Accountability 
& Audit

SECTION 4
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Domain Evidence Base - What Papers 1–4 
Already Proved
This paper does not introduce the case for AI governance from first principles. Papers 1 through 4 in this 
series already documented it, domain by domain, with the specific mechanisms and evidence each 
imperative depends on. What follows is the map: which evidence from each paper is a direct dependency of 
which layer in the Enterprise AI Accountability Architecture - and why none of the four papers can deliver its 
trust claim without this fifth one underneath it.

Read the right-hand column as a single argument: 
each of the four imperatives fails, in documented 
practice, at exactly the point where its governing 
layer above is missing. That is not four coincidental 
failure patterns. It is one dependency structure, and 
this paper is the description of the structure itself.

This paper sets out what enterprise 
governance architecture makes all four 
possible at scale - and what happens to 
institutions that attempt them without it.

* Find links of all the Papers at the end of this document.

The Five Papers, In One Argument

Sets out what AI-first banking can 
do for customers. 

Paper 1

Sets out how to automate 
operations at that standard.

Paper 3

Sets out what the core needs to 
look like underneath it.

Paper 2

Sets out how to govern 
compliance at that standard.

Paper 4

Paper Domain Evidence What Fails Without It
Governance Layer It 
Depends On

WP1
Multimodal FCR to 90%, agentic 
SDLC, hyper-personalisation on 
unified customer context

Personalisation across channels 
contradicts itself without a 
shared customer risk taxonomy

Layer 1 

Policy & Risk Framework

WP2
Context-specific + pattern-
enhanced validation, sentence-
level lineage, BCBS 239 compliance 
<30% at most institutions

Core modernisation ships 
faster on architecture built over 
unresolved data governance 
debt

Layer 2

Lifecycle Governance

WP3
Per-entity fraud baseline (95–98% 
false-positive cost problem), 
Defensible Automation Rate, 
shadow-automation lineage gap

Automation volume outpaces 
the validation infrastructure 
that makes each decision 
defensible

Layer 3

Continuous Monitoring

WP4
Determination-level AML 
explainability, adverse-action 
tracing, 5–10x remediation cost 
multiplier

Layer 4

Accountability & Audit

Regulatory frameworks examine 
faster than governance can 
produce evidence, and the 
finding is the delay itself

SECTION 5
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Strategic Design Choices Leaders Must 
Actively Make
None of the following four trade-offs has a universally correct answer. They have a correct answer for a 
specific bank’s risk appetite, regulatory footprint, and business-line mix - and the mistake this paper sees 
most often is a bank arriving at an answer by default, through inaction, rather than by decision.

6.1	 Centralised vs Federated  
	 Governance

Centralised governance buys consistency of 
standard across every business line, at the cost of 
slower innovation velocity in any one line. Federated 
governance buys speed and business-line-specific 
fit, at the cost of higher control complexity and the 
fragmented-ownership failure mode described 
in Section 3.2. Banks with concentrated retail and 
wholesale risk in a single jurisdiction tend toward 
centralised; banks with genuinely distinct  
business-line risk profiles across multiple 
jurisdictions tend toward a federated model with a 
centralised Layer 1 policy framework underneath it.

6.2	 Innovation vs Control

Over-control slows AI adoption to the point of 
competitive disadvantage against digital-native 
challengers. Under-control creates exactly the 
regulatory exposure Sections 2 and 3 describe. 
The resolution is not a midpoint on a single dial - it 
is applying more control to higher-consequence 
decisions (credit, AML, adverse action) and less to 
lower-consequence ones (internal productivity tools), 
which is precisely the risk-based classification every 
regulatory instrument in Section 2 already requires.

6.3	 Build vs Buy

Internal platforms preserve control and auditability at 
the cost of speed and specialist talent the bank must 
recruit and retain. External AI services buy speed at 
the cost of the third-party blind spot in Section 3.4. 
Neither choice removes the governance obligation - 
it only changes who is accountable for producing the 
evidence, and the institution remains accountable 
regardless.

6.4	 Explainability vs Performance

Simpler, more interpretable models are easier to 
explain and harder to challenge in an examination. 
Higher-performing black-box models can 
outperform them materially on accuracy, at the 
cost of exactly the opacity Section 1.2 describes. The 
Enterprise AI Accountability Architecture is designed 
so this trade-off does not have to be resolved by 
simplifying the model - decision-level explainability 
infrastructure sitting alongside a high-performing 
model can satisfy the regulatory requirement 
without sacrificing the performance.

SECTION 6
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The AI Governance Maturity Model

This is a distinct, governance-specific instrument from the three-stage AI Maturity Spectrum introduced 
in this research programme’s foundational report. The Maturity Spectrum locates an institution’s trust 
infrastructure across an individual AI system’s lifecycle. This model locates the enterprise’s AI governance 
operating model itself - the organisational, not the technical, layer.

Level Description

Ad Hoc Isolated AI use across the institution, minimal governance, no 
shared risk taxonomy

Defined Basic policies exist, controls are largely manual, ownership is 
fragmented across functions

Integrated Lifecycle governance embedded in delivery, shared  
production-ready definition across engineering and compliance

Automated monitoring, enterprise-wide standards, audit-ready as 
a permanent operational stateIndustrialised

Real-time, AI-enabled governance - the control framework itself 
learns and adapts alongside the models it governsOptimised

Most global banks operate between Level 
2 and Level 3 today - policies exist, some 
lifecycle governance is embedded, but 
production monitoring and audit-readiness 
remain manual and reactive. That is precisely 
the band where SR 26-2, the EU AI Act’s 
approaching Annex III deadline, and the 
CFPB’s Circular 2026-03 will find the gap first: 
not in whether a policy exists, but in whether 
the bank can produce, on demand, the 
evidence that the policy is being followed in 
production.

Where The Industry Actually Sits

SECTION 7
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Implementation Roadmap

•	 Define the enterprise AI risk taxonomy and map it to every applicable regulatory regime the bank 
operates under

•	 Inventory every AI model and use case currently in production - including shadow AI adopted 
without governance review

•	 Identify high-risk applications under the Section 2 regulatory definitions specific to each jurisdiction

•	 Assign named executive accountability for each model, closing the fragmented-ownership gap in 
Section 3.2

Establish Control Foundations 0–90 Days

•	 Implement lifecycle governance processes - Layer 2 of the Accountability Architecture - across 
development, validation, and deployment

•	 Deploy production monitoring tooling for drift, bias, and performance, with automated escalation 
rather than periodic review

•	 Integrate AI-specific requirements into the existing model risk framework rather than running a 
parallel process

•	 Establish third-party AI controls that require vendor models to be validated against the bank’s own 
risk appetite, not the vendor’s documentation

Build Governance Infrastructure 3–12 Months

•	 Automate monitoring and regulatory reporting so audit-readiness becomes a permanent state, not 
an examination-season sprint

•	 Embed governance directly into development pipelines - Validation Before Velocity, not a gate at 
the end of it

•	 Align the governance framework across every jurisdiction the bank operates in, using the regional 
nuance map in Section 2.5

•	 Reach Level 4 on the maturity model in Section 7 - enterprise-wide standards,  
audit-ready as a permanent operational state

Industrialise and Scale 12–24 Months

SECTION 8
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The Role of the CIO and CRO

Function Accountability

AI governance must be co-owned by the CIO 
and CRO - not divided into a technology half 
and a risk half that meet only at the point of 
a finding. Fragmentation is a control failure, 
and the joint mandate exists specifically to 
remove the seam where every  
fragmented-ownership incident in  
Section 3.2 has occurred.

Joint Accountability, Not Shared 
Ambiguity

SECTION 9

CIO Build scalable AI governance platforms, ensure integration with enterprise 
architecture, manage third-party AI risk and vendor validation

CRO Define risk frameworks and thresholds, oversee validation and monitoring 
standards, ensure regulatory alignment across jurisdictions
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From Compliance Burden to  
Strategic Advantage

SECTION 10

The banks treating this as a compliance cost are solving the wrong problem. Governance built as described 
above produces faster regulatory approvals for new AI use cases, because the evidence a regulator asks 
for already exists rather than needing to be assembled under deadline. It produces increased stakeholder 
and board trust in AI-driven decisioning, because incidents are caught and explained before they become 
findings. It produces accelerated deployment velocity, counterintuitively, because a validated, governed 
pipeline removes the manual review cycles that slow down ungoverned deployment. And it produces 
materially reduced operational risk, because the five-to-ten-times remediation cost multiplier documented 
in Paper 4 is a cost this architecture is specifically built to avoid.
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Four papers established what AI-first banking 
can do for customers, what the core needs 
to look like, how to automate operations at 
that standard, and how to govern compliance 
at that standard. This paper establishes 
what makes all four possible at enterprise 
scale - and what happens to institutions that 
attempt them without it.

The question a CIO and CRO face today is no 
longer whether to govern AI. It is whether 
they can govern it at the speed and scale the 
business and the regulators both now require, 
simultaneously, in every jurisdiction the bank 
operates in. That is not a technology upgrade. 
It is a strategic transformation mandate - and 
it belongs jointly to the CIO and the CRO, 
starting now.

CLOSING THESIS

AI governance is not the tax a 
bank pays for using AI. It is the 
infrastructure that makes AI at scale 
possible at all - in banking, the only 
industry where a system’s decisions 
have to be as accountable as the 
humans who used to make them.

CONTINUE THE SERIES

This paper is the fifth and closing paper 
of the CIO Mandate Series - five papers 
examining the four business imperatives 
of AI-first banking transformation and 
the governance architecture that makes 
them possible at scale.

From Digital-First to AI-First: The CIO’s 
Customer Experience Mandate. 

Paper 1 

The CIO’s Guide to AI-Enabled Core 
Banking Modernisation. 

Paper 2

Engineering Trusted Automation in  
AI-First Banking Operations.

Paper 3

The CIO’s Guide to AI Compliance and 
Regulatory Governance

Paper 4

www.maveric-systems.com/research/
engineering-trust-ai-first-banking

The Decision This Framework Calls For
Closing Note

https://maveric-systems.com/wp-content/uploads/2026/05/CIO-Mandate-Digital-First-to-AI-First.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/AI-Enabled-Core-Banking-Modernisation-Maveric-Systems-Whitepaper.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/maveric-systems-cio-guide-trusted-automation-ai-banking-operations.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/maveric-systems-cio-guide-ai-compliance-regulatory-governance.pdf
http://www.maveric-systems.com/research/engineering-trust-ai-first-banking
https://maveric-systems.com/whitepapers/engineering-trust-ai-first-banking/
http://www.maveric-systems.com/research/engineering-trust-ai-first-banking 
https://maveric-systems.com/wp-content/uploads/2026/05/CIO-Mandate-Digital-First-to-AI-First.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/maveric-systems-cio-guide-ai-compliance-regulatory-governance.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/AI-Enabled-Core-Banking-Modernisation-Maveric-Systems-Whitepaper.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/maveric-systems-cio-guide-trusted-automation-ai-banking-operations.pdf
https://maveric-systems.com/wp-content/uploads/2026/07/maveric-systems-cio-guide-trusted-automation-ai-banking-operations.pdf
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Maveric Systems
is a banking-exclusive technology specialist with over 25 years of domain expertise. We 
partner with global financial institutions to engineer trust in AI-first banking.

While others apply AI at the periphery, we embed it at the core through our proprietary 
AI @ Scale framework and AI-powered platforms and solutions. Guided by principles that 
engineer trust, we embed fairness, explainability, reliability, and compliance into every AI 
solution by design. This enables responsible AI adoption at scale.

Our domain depth across operations and technology in retail and corporate banking, 
wealth management, and capital markets, combined with a pragmatic, outcome-driven 
delivery model, ensures that every AI initiative is rooted in contextual relevance and 
precision.

Backed by dedicated AI Centers of Excellence, a powerful ecosystem of technology 
platforms, and recognition from leading industry bodies, we are the trusted engineering 
partner for the AI era.

The Maveric Edge
25+
years of domain 
mastery

7+
Operations and 
Technology AI CoEs

12+
AI powered Platforms 
and Solutions

AI@Scale
Scale Proprietary Framework 
for AI adoption at Scale

Maveric NXT Inc
5, Independence Way, Suite 300, Princeton, NJ 08540 USA
Reach us: marketing@maveric-systems.com
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