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Large financial institutions
use Al in core compliance
functions

- CFA Institute Research and
Policy Center, 2024

This is not a technology gap. It is a governance
posture gap between institutions that have
automated compliance volume and institutions that
have built the assurance infrastructure that makes
that automation defensible.

The distinction matters because automation and
assurance are not the same thing. An automated
AML system that processes one million transactions
per day and produces a manageable number of
alerts has solved the volume problem. If those alerts
cannot be explained to a regulator - if the system
cannot reconstruct why transaction 847,293 was
flagged and 847,294 was not, in a form that satisfies
the examination standard - the assurance problem
remains entirely unsolved, regardless of

processing volume.

The regulatory examination standard is moving

in precisely this direction. The current standard

asks whether governance documentation exists.
The emerging standard - visible in the EU Al Act,
Federal Reserve guidance, and FCA Consumer

Duty implementation - asks whether governance

is operational. Similar frameworks are taking

shape across Asia-Pacific - MAS in Singapore has
issued guidance on the use of Al in credit and AML
functions, and RBI in India has signalled increasing
supervisory focus on model risk in Al-driven lending
decisions. Whether monitoring is actually being
used. Whether the institution can demonstrate, with
production data, that its compliance Al is performing
within the parameters its governance

framework defines.
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Fewer than 12% have the
governance infrastructure that

12%

operating compliance Al in
regulated contexts requires

— Wolters Kluwer Banking
Compliance Survey, 2024

The gap between those two standards is the gap
most institutions are currently accumulating -
silently, at the speed of their own Al deployment.

This paper examines three battlegrounds where
the gap between automation and assurance is
most consequential - AML and financial crime,
credit compliance and fair lending, and regulatory
reporting and operational resilience - and the
governance architecture that closes it.

Compliance is the proving
ground for every trust claim

an Al-first bank makes. The
quality of every decision made
in data governance, model
design, system architecture,
and delivery governance
becomes visible, auditable, and

actionable by regulators here,
and nowhere else
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Periodic Compliance
Governance

Periodic review - annual
model validation, quarterly risk
assessment

Reactive - failures identified after
occurrence, investigation after
the event

Model-level documentation
- ‘how the model works in
general’

Examination-time preparation
- documentation assembled in
response to a supervisory request

Document-level attribution - a
decision can be traced to the
policy document that
governed it

Continuous
Compliance
Assurance

Continuous - real-time
monitoring of model behaviour,
data quality, and decision
consistency at the individual
model and decision level

Predictive - leading indicators
monitored at the signal level;
intervention before the failure
propagates into consequential
decisions

Decision-level explanation -
‘why this specific decision was
made for this specific customer,
at this moment, drawing on
these specific inputs’

Audit-ready as a permanent
operational state - lineage,
validation records, and decision
reconstruction available on
demand without preparation

Paragraph and sentence-level
attribution - a decision can be
traced to the specific passage in
the governing document that
informed the validation logic
applied to it
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AML and Financial Crime Compliance -
From Screening to Intelligence

From Alert Generation to Defensible Determination

The Explainability Requirement

The shift from rule-based to Al-driven AML
monitoring creates a specific accountability gap that
most compliance technology programmes have

not adequately addressed. Rule-based screening
was explainable by definition: the rule that triggered
the alert was the explanation. Transaction narrative
contained the word ‘sanctioned entity. Amount
exceeded threshold X. Counterparty appeared

on list Y. The explanation was the rule. It could be
reproduced for any alert in seconds.

Al-driven AML monitoring works differently. The
model identifies statistical anomalies across
many features simultaneously - transaction value,
frequency, counterparty behaviour patterns,
geographic signals, timing, account history, and
in an Al-first architecture, the semantic content
of transaction narratives - weighted against

a behavioural baseline established over time.
The model’s determination emerges from this
combination. No single feature triggered it. The
weight of the combination did.

THE ACCOUNTABILITY GAP

This creates the SAR narrative challenge. When a
compliance analyst reviews an Al-generated alert
and decides to file a Suspicious Activity Report,
the SAR must contain a narrative explanation of
why the transaction was suspicious. That narrative
must be coherent, specific, and adequate to meet
the FINCEN standard. In a rules-based system, the
analyst wrote the narrative based on the rule that
fired. In an Al-driven system, the analyst must write
a narrative based on a model output they may not
be able to directly interpret - unless the system
has been designed to provide determination-level
explainability as a first-class output alongside the
alert itself.

The institutions that have built this correctly do not
ask compliance analysts to interpret model outputs.
They build the determination-level explanation
infrastructure directly into the alert architecture, so
that every alert the Al generates is accompanied by
a structured account of the features and patterns
that contributed to it - in language and format that
the analyst can review, validate, and incorporate
into the SAR narrative. The analyst’s job is to exercise
professional judgment on the explanation. Not to
reconstruct the explanation from a confidence score.

The shift from rule-based to Al-driven AML monitoring does not reduce the explanation obligation - it

increases the engineering requirement to meet it. A rules-based system produced its explanation as a

byproduct of its operation. An Al-driven system must be deliberately engineered to produce the same

output. Institutions that deploy Al-driven AML without determination-level explainability infrastructure have

automated the alert volume and left the accountability architecture unbuilt.
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In an Al-first AML system, determination-level
explainability is richer than feature attribution

in the traditional sense. The model assesses the
semantic content of the transaction narrative -
the meaning of what is written in the payment
description, the counterparty reference, the memo
field - not just the structured fields surrounding
it. A determination can therefore include not just
“these structured features contributed” but “the
language pattern in this transaction description
was semantically inconsistent with the stated
purpose of the payment.” This is the explanation
a skilled compliance analyst makes when reading
a transaction manually. Al makes it at scale and
consistently - and it is categorically richer than
anything rules-based monitoring could produce,
because rules-based systems were blind to the

content of narrative fields entirely. They could detect

the presence of a flagged word. They could not

assess whether the narrative as a whole made sense

in context.

The third-party model risk dimension adds a
governance layer that many institutions have not
fully incorporated. When the AML model is a vendor
product - which is commmon across

Tier-1and regional institutions - SR 11-7 requires that
the institution validate the model, understand its
limitations, and maintain oversight of its production
behaviour, regardless of who built it. The vendor’s
model documentation does not satisfy the
institution’s governance obligation. The institution
must demonstrate that it has assessed the model,
understands what it can and cannot explain, and
has built the oversight mechanisms that its use in a
regulated compliance context requires.
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An institution that cannot explain a specific AML
determination because it does not understand the
vendor's model well enough to interpret its outputs
has a model risk management gap - not a

vendor problem.

Named Mechanism:
Determination-Level Explainability

The architectural capability to produce a
coherent, structured account of why a specific
transaction was escalated - including the features,
patterns, and data inputs that contributed to

the determination - in the format and within

the timeframe that a regulatory examination

or SAR review requires. Designed into the alert
architecture as a first-class output, not generated
retrospectively fromm model documentation.

In an Al-first AML system that reasons over
unstructured transaction content, determination-
level explainability includes the semantic signals
that structured features alone cannot capture.

INn 2023, a major US retail bank entered into a
consent order with the OCC in part because its
Al-driven transaction monitoring system could

not produce the determination-level explanations
required to support SAR filings under examination.
The remediation programme - covering model
rebuild, governance infrastructure, and regulatory
response - ran for 18 months. The explanation
infrastructure that was missing had been scoped
and deprioritised 18 months earlier at an estimated
cost of six weeks of engineering time.



Model drift in AML is qualitatively different from
model drift in credit scoring or personalisation

- and more dangerous. A credit scoring model

that drifts produces suboptimal credit decisions.
The consequences accumulate over months and
surface in portfolio performance. A compliance
officer reviewing the portfolio eventually notices

the pattern. An AML model that drifts in the

wrong direction misses suspicious activity. The
consequences do not surface in the model's outputs
- they surface in regulatory findings, when a financial
crime that the institution’s monitoring should have
caught appears in a law enforcement investigation.

The drift risk in AML is compounded by the
adversarial nature of financial crime. Fraud
typologies and money laundering patterns evolve
deliberately - bad actors observe detection patterns
and adapt to avoid them. A model trained on
historical patterns is operating against a population
that is actively changing its behaviour to evade the
model's detection logic. An AML model without
continuous monitoring for typology drift is not just
statistically degrading. It is being outmanoeuvred.

The BCBS 239 Dependency

MAVERIC

Continuous monitoring in AML requires a specific
and more demanding standard than continuous
monitoring in other Al domains. It is not sufficient

to monitor for statistical drift in model performance
metrics. The monitoring must capture whether the
model's detection capability is holding against the
current population of suspicious activity - which
requires a reference baseline of confirmed suspicious
patterns against which the model's sensitivity can be
assessed on an ongoing basis.

AML Al operating on data that does not meet BCBS 239 risk data aggregation standards is
not just technically unreliable. It is operating outside the regulatory framework that governs

the data it depends on. A supervisory examination that finds an AML Al programme operating

on BCBS 239-non-compliant data does not find a data engineering problem. It finds a

compliance governance failure - one that implicates both the model risk management

function and the data governance function simultaneously.
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Named Mechanism:
AML Model Performance Baseline

Defined, monitored thresholds - established

at the entity level and at the aggregate model
level - that trigger governance escalation before
drift becomes a material compliance event.
Includes: sensitivity monitoring against confirmed
suspicious activity patterns; typology coverage
assessment against known and emerging

financial crime methods; and where the system

reasons over transaction narrative content,
semantic drift monitoring to detect shifts in the
language patterns associated with suspicious
activity. Reviewed continuously, not at the annual
model validation cycle.
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The more precise framing for AML drift in an Al-first
monitoring system is per-entity, not per-programme.
Al establishes a behavioural baseline for each
individual entity it monitors - this customer’s
typical transaction frequency, this account’s normal
counterparty geography, this corporate’s expected
payment patterns. Drift, in this context, is deviation
from that specific entity’s baseline, not from a
segment average or a portfolio-level threshold.

This distinction has two important implications

for continuous monitoring. First, sophisticated
financial crime that operates just below aggregate
thresholds becomes visible at the entity level - it
deviates from this account's own pattern even when
it would not trigger a segment-level rule. Second,
legitimate changes in a customer’s behaviour must
be reflected in baseline updates, or the model
begins generating false positives for normal activity.
Per-entity baseline monitoring is therefore both

a more sensitive detection capability and a more
demanding governance discipline than aggregate
model performance monitoring.

Implementation reference

Maveric’'s T-Rex platform operationalises
continuous AML monitoring - combining
real-time transaction monitoring, Al-driven
investigation assistance, and governance-grade
audit trails that support SAR filing and regulatory
examination responses. In implementations at
Tier-1 institutions, T-Rex has reduced
false-positive escalation rates by enabling the
model to distinguish transactions that are
structurally similar in their structured fields but
contextually distinct in their narrative

content - the same capability established in Paper

2's AML implementation reference for PRISM.

I
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Credit Compliance and Fair Lending -
From Decisioning to Accountability

From Model Accuracy to Decision Defensibility

The regulatory requirement for adverse action
explanation in credit is not ambiguous. In the United
States, ECOA and the FCRA require lenders to
provide specific reasons for adverse credit decisions.
The CFPB has stated explicitly that the complexity

of an algorithm does not exempt a lender from this
obligation. In the UK, the FCA's Consumer Duty
requires firms to support customer understanding

- which at the level of an adverse credit decision
means explaining to the customer why their
application was declined. In the EU, GDPR Article 22
and the emerging Al Act framework extend similar
obligations to automated decisions that significantly
affect individuals.

The common thread across jurisdictions: the
explanation must be specific to the individual
decision, not a general description of the model. ‘We
use a credit scoring model that considers payment
history, credit utilisation, and account age’ does

not satisfy the adverse action notice requirement.
‘The primary reasons your application was declined
were: recent missed payments on account ending
4521 and a credit utilisation rate of 94% across open
revolving accounts’ does satisfy it.

The Enforcement Pattern

This distinction - between model-level
documentation and decision-level explainability

- is architecturally consequential. Model-level
documentation is produced once, at the point of
model development. Decision-level explainability is
produced for every adverse decision, at the moment
of the decision, in the format the regulation requires.
These are different engineering requirements. An
institution that has the first and not the second is not
compliant - regardless of how thorough its model
documentation is.

The enforcement pattern makes this visible. The
institutions that have faced regulatory action for
algorithmic credit decisions were not penalised
because their models produced incorrect outcomes.
They were penalised because when a regulator or an
affected customer asked why a specific decision was
made, the institution could not provide a specific,
accurate, timely answer. The model worked. The
accountability infrastructure did not exist.

Regulatory action on algorithmic credit decisions has not followed the failure of models to perform. It

has followed the failure of institutions to explain why models performed as they did. Accuracy without

explainability is not compliance. It is accuracy plus exposure - the model makes the right decision for the

wrong documented reason, until the moment a regulator asks for the specific reason and discovers it cannot

be produced.
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Decision-level explainability in credit compliance
has a further dimension that sentence-level lineage
from Paper 2 makes possible: the validation logic
applied to an adverse credit decision can be traced
not just to the data inputs that informed it, but to the
specific passage in the credit policy that governed

it. When a regulator or a customer challenges the
decision, the institution’s response is not “the model
considered these factors and weighted them as
follows.” It is “this decision reflects the credit policy’s
requirement in section 4.2 that applications with
revolving utilisation above 90% are assessed at

a higher risk tier - and this application met that
condition.” The explanation traces to governing
authority, not just to model mechanics. This

CONDITION MET
°

makes Al-first credit compliance more defensible
than human underwriting, not less: a human
underwriter’s decision is traceable to their judgment,
which is opague. An Al decision with sentence-level
policy lineage is traceable to the policy itself, which is
documented, versioned, and auditable.

Named Mechanism:
Automated Adverse Action
Notice Infrastructure

The architectural capability to produce a specific,
accurate, regulatorily compliant explanation for
every adverse credit decision at volume - without
manual reconstruction. Requires: feature-level
attribution that identifies the specific inputs that
contributed to the adverse outcome; translation
of model outputs into the statutory language
required by applicable regulations; integration
with the credit policy governance layer so that
the explanation can reference the specific policy
provisions that the decision reflects; and audit
trail maintenance that preserves the data state,
model version, and explanation produced at the
time of each decision for the period required by
applicable retention obligations.
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Al credit models introduce a fair lending risk that

is structurally different from the risk that manual
underwriting created - not in kind but in scale and

in the speed at which the risk compounds. Manual
underwriting produced biased decisions one
application at a time, through the judgments of
individual underwriters. The bias was inconsistent
across underwriters, variable over time, and relatively
slow to accumulate into a pattern that statistical
analysis could identify as systemic.

An Al credit model trained on data that reflects
historical underwriting bias learns that bias as a
pattern. It then applies that pattern consistently, at
scale, to every application it processes. The bias is
not random. It is systematic. It does not vary across
applications. It is encoded in the model weights and
applied identically to every applicant whose profile
activates the relevant features. The result is a fair
lending exposure that accumulates faster, across a
larger population, and with more statistical clarity
than anything manual underwriting could produce.

MAVERIC

This makes demographic parity testing not

just a compliance exercise but an architectural
requirement. Before an Al credit model is deployed
in production, the institution must demonstrate
that its outputs are consistent across protected
demographic groups - controlling for credit risk
factors. And that demonstration is not a one-time
pre-deployment validation. It is a continuous
monitoring obligation, because the model's
behaviour can drift over time as the applicant
population changes, as economic conditions shift,
and as the model's interaction with upstream data
changes.

The data governance dependency is foundational.
Fair lending assurance depends on training data
that accurately represents the full population of
creditworthy applicants - including those who were
historically underserved by the credit system and
therefore underrepresented in the historical data the
model was trained on. A model trained on biased
historical data learns the bias as signal. Governing
the training data is the first act of fair lending
compliance in an Al-first credit function - and it
requires the same unstructured data governance
discipline established in Paper 2: the training data
includes not just structured application fields but
the full text of application documents, customer
communications, and credit narratives, all of which
may carry encoded demographic signals that the
institution must identify and govern before training.

Al-Enabled Core Banking Modernisation
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Named Mechanism:
Bias Monitoring And Demographic
Parity Testing

Continuous validation that model outputs are
consistent across protected customer segments
- controlling for credit risk factors - throughout
the model’s production lifecycle. Includes: pre-
deployment testing across all protected class
combinations present in the applicant population;
post-deployment monitoring that detects
demographic parity drift before it accumulates
to statistical significance; investigation protocols
triggered when parity thresholds are breached;
and documentation standards that support
demonstration of fair lending compliance

to regulators on examination - including the
governance of unstructured training data inputs
where applicable

Al-Enabled Core Banking Modernisation
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The unstructured data dimension introduces a fair
lending exposure that structured-only governance
frameworks do not address. Language patternsin
application narratives, customer correspondence,
and document text can correlate with demographic
characteristics in ways that structured fields do

not capture. The way applicants describe their
employment, their housing situation, their purpose
for the loan - these carry signals that can proxy

for protected class membership even when
demographic fields are excluded from the model
inputs. An Al model that includes unstructured
text in its training data learns these correlations
unless the training process explicitly identifies and
addresses them. Standard disparate impact testing
- calibrated for structured features - will not detect
this exposure, because the relevant features are
not named. They are patterns in language that the
model learned implicitly. Fair lending governance
in an Al-first credit function must therefore assess
unstructured training data inputs for demographic
correlation, not just structured features. This is a
more demanding standard than most institutions'
current fair lending frameworks address - and it is
the standard an Al model that reasons over

text requires.

N
@J Implementation reference

In regional bank fair lending Al governance
engagements, Maveric’'s approach establishes
the demographic parity baseline at deployment
and monitors it continuously through production
- with automatic escalation when parity metrics
drift beyond defined thresholds. The critical
governance discipline: the parity assessment
covers the full feature set the model uses,
including any unstructured data inputs, and is
documented at a level that supports examination
response without emergency reconstruction.
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Regulatory Reporting and
Operational Resilience - From Submission

to Assurance

From Automated Reports to Defensible Governance Records

3.1 Al-Led Regulatory Reporting -

From Speed to Accuracy

The efficiency promise of Al-led regulatory reporting
is real: faster data aggregation, automated validation,
reduced manual effort, lower cost per submission.
Many institutions have realised genuine efficiency
gains. The failure mode emerges not from the speed
of Al-led reporting but from its accuracy - specifically,
from what happens when the underlying data it
aggregates is not governed to the standard that the
report purports to reflect.

An automated regulatory report generated from
inconsistently governed data does not produce

an inaccurate report slowly. It produces one

quickly. The institution discovers this when the
examiner's questions about specific figures in the
submission cannot be answered with the lineage
documentation the examiner requires - not because
the figures are wrong, but because the institution
cannot demonstrate that they are right.

This is the validation architecture problem that
Paper 2 established in the context of core banking
data marts. In the regulatory reporting context, it
manifests as a submission that appears complete
but whose figures cannot be fully reconstructed -
because the Al that generated them did not produce
the lineage documentation that reconstruction
requires. The report was automated. The auditability
was not.

Implementation reference

Paper 2 established that Al enables query-level
validation intelligence - validations applied at
the point of data retrieval, leaving the underlying
data mart undisturbed, with complete visibility
into which validations passed, failed, and could
not be performed. Paper 2 also established that
Al granularises lineage from the document
level to the paragraph and sentence level. Both
capabilities are directly applicable to regulatory
reporting. A regulatory submission built on
Al-enabled query-level validation can trace
every figure to the validation logic applied to

it. And where that validation logic is informed
by a regulatory requirement - a specific BCBS
239 principle, a specific reporting standard - it
can trace the logic to the specific paragraph in
that requirement. This is not just more efficient
reporting. It is a categorically different level of
regulatory defensibility.

Al-Enabled Core Banking Modernisation
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The shadow Al problem in regulatory reporting is
the most immediately consequential governance
gap in most compliance functions. Compliance
analysts under deadline pressure use accessible Al
tools - large language models, Al-assisted drafting
tools, Al summmarisation tools - to help prepare
regulatory submissions. The tools are capable. The
outputs are plausible. The institution has no visibility
into whether the Al-generated content is accurate,
consistent with the underlying data, or aligned with

the regulatory standards the submission must meet.

The governance gap is not the use of Al in reporting
preparation. It is the absence of a governed
framework for that use - so that every Al-generated
element of a regulatory submission is validated
against the data it purports to represent and
approved by a qualified person before submission.
The institution is accountable for every figure in

a regulatory submission, regardless of which tool
generated the first draft.

Al-Enabled Core Banking Modernisation
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Named Mechanism:

Report Data Lineage

Continuous validation that model outputs are
consistent across protected customer segments
- controlling for credit risk factors - throughout
the model’'s production lifecycle. Includes: pre-
deployment testing across all protected class
combinations present in the applicant population;
post-deployment monitoring that detects
demographic parity drift before it accumulates
to statistical significance; investigation protocols
triggered when parity thresholds are breached,;
and documentation standards that support
demonstration of fair lending compliance

to regulators on examination - including the
governance of unstructured training data inputs
where applicable

Sentence-level lineage in regulatory reporting

is technically accurate as a capability - and the
architectural condition that makes it real rather than
aspirational is deliberate design in the

query-level validation layer. When an Al system
generates a validation rule for a regulatory report
figure, the prompt or context specification that
generates it can be constructed to include a citation

to the specific regulatory requirement it reflects - the
precise principle, the paragraph number, the specific

obligation being met. That citation becomes part of
the validation rule’s metadata. When the validation
runs, its lineage includes not just “this rule was
applied” but “this rule was derived from paragraph
3 of Principle 6 of BCBS 239." The output is not just a
figure. It is a figure plus its derivation - data source,
transformation, validation logic, and regulatory
passage. This is not a future capability. It requires
building the query-level validation architecture
with regulatory citation metadata from the point of
construction. Institutions that build it this way do
not prepare for a regulatory examination. They are
permanently ready for one.
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The Operational Resilience Framework

The five-stage operational resilience framework - Predict, Prevent, Mitigate, Recover, Restore - is the right
architecture for Al-first compliance. What changes in the Al-first context is not the framework itself but the
level of specificity at which each stage must operate. In a rules-based compliance function, the resilience
framework operated at the programme level: predict which regulatory areas were at risk, prevent compliance
failures through control frameworks, mitigate when failures occurred, recover programme integrity, restore
normal operations. The unit of resilience was the programme.

In an Al-first compliance function, the framework must operate at the model level and increasingly at the
individual decision level. Each stage requires Al-specific capability that the rules-based framework did
not need.

Predict Leading indicator monitoring that identifies compliance risk before it
becomes a compliance event - specific to each Al model in the compliance

estate, not generic to compliance risk categories. In a rules-based system, the
predict function monitored regulatory horizon changes and assessed their
impact on the control framework. In an Al-first system, it also monitors each
model’s production behaviour against its validated baseline - detecting drift,
detecting data quality degradation in upstream feeds, detecting distributional
shift in the population the model is assessing - before any of these conditions
produce a compliance failure.

The predict function in an Al-first compliance estate is continuous monitoring,
not periodic risk assessment. The signal it is looking for is not ‘this regulatory
area is at elevated risk. It is ‘this model’'s behaviour is trending toward a
condition that historically precedes compliance failures - and intervention
now costs a fraction of remediation later.".

@ Prevent Governance controls embedded in the compliance Al pipeline that stop
V) non-compliant outputs before they are acted upon. In a rules-based system,

prevention was primarily process control - approval workflows, segregation
of duties, four-eyes review. In an Al-first system, prevention also operates at
the output level: automated screening of Al-generated compliance outputs
against the regulatory standards they must meet, before those outputs reach
the analyst or regulator who will act on them.

The prevent function is where determination-level explainability and query-
level validation intersect. A compliance Al that generates a determination

it cannot explain has produced an output that should not proceed to the
SAR filing workflow - because the analyst cannot validate what they cannot
understand. A compliance Al that generates a regulatory report figure that
the validation layer flags as unperformable has produced a figure that should
not proceed to submission. Prevention is real-time governance embedded in
the output pipeline.

Al-Enabled Core Banking Modernisation 13
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Defined escalation protocols that contain the impact of compliance failures
when they occur - at the level of the specific model, the specific decision,

and the specific regulatory obligation affected. The mitigation response in an
Al-first compliance function is more granular than in a rules-based function,
because the failure mode is more granular. A rules-based compliance failure
typically affects a defined category of transactions or decisions. An Al model
failure can affect a distribution of decisions that does not map to a predefined
category - and identifying which decisions within the distribution were
affected requires the lineage infrastructure that makes the failure containable.

Documentation and governance records that demonstrate a controlled
response to a regulatory examination - specifically, that the institution
identified the failure, understood its scope, contained it, and took corrective
action within the governance framework it had established. In an Al-first
compliance function, recover and restore requires: the ability to reconstruct
the decisions made during the period of model failure; the ability to identify
which of those decisions require customer remediation; and the ability

to demonstrate to the regulator that the governance framework - the
monitoring that should have caught the failure - has been strengthened.

The recover and restore function is where the full value of continuous
monitoring, determination-level explainability, and report data lineage
becomes tangible. Without them, recovery requires emergency
reconstruction. With them, the examination response is the operational
record, produced automatically, without the institution needing to prove to
itself what happened before it can prove it to the regulator.

Al-Enabled Core Banking Modernisation
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Context-specific resilience is the more precise
framing for the predict function - and it is the

direct application of Paper 2's context-specific
intelligence argument to compliance monitoring.
Programme-level resilience asks: is this compliance
Al programme performing within its governance
parameters? Context-specific resilience asks: is it
performing within its governance parameters for
this customer type, this transaction type, this market
condition, this regulatory context? These are different
questions, and they surface different failures. A
programme-level metric can show acceptable
aggregate performance while a specific customer
segment is being systematically underserved or
overscrutinised - a failure that is invisible in the
aggregate and visible only at the context-specific
level. The predict function in an Al-first compliance
estate therefore monitors not just “is the AML model
performing?” but “is the AML model performing

for wire transfers from newly onboarded corporate
accounts in high-risk jurisdictions?” - the context
where failure is most consequential and most likely
to be exploited. Context-specific monitoring requires
that monitoring thresholds be defined not just for
the model overall but for the specific contexts in
which the model’s performance carries the highest
regulatory and customer consequence.

Named Mechanism:

Compliance Resilience Playbook

The integrated framework that maps

Al compliance failure modes to governance
responses across all five stages - specific to each
Al model in the compliance estate. Includes:
per-model monitoring baselines for the predict
function; output screening standards for the
prevent function; escalation protocols with
defined decision-level scope for the mitigate
function; lineage-supported reconstruction
capability for the recover function; and
governance framework documentation standards
for the restore function. Maintained as a living
operational document, reviewed at each model
lifecycle event, and produced on demand for
regulatory examination without preparation.




MAVERIC
CIO PLAYBOOK

The Four Directives for Al Compliance
and Regulatory Governance

The three battlegrounds above define where compliance automation diverges from
compliance assurance. The four directives below are the CIO's operating instructions - the
commitments that separate institutions that can demonstrate their compliance Al from
institutions that can only document it.

O'I | Stop treating compliance governance as examination preparation.

Audit-ready as a permanent operational state is not an aspiration. It is the operational requirement for an
institution running Al at compliance scale. The examination question is no longer ‘do you have governance
documentation?’ It is ‘can you demonstrate, with production data, that your compliance Al is performing
within its governance parameters?’ The cost of building continuous monitoring, determination-level
explainability, and report data lineage proactively is a fraction of the cost of the remediation programme
that follows discovering their absence during an examination. Remediation programmes triggered

by examination findings - covering customer remediation, model rebuilds, governance programme
construction, and regulatory response - consistently run at five to ten times the cost of the monitoring and
explainability infrastructure that would have prevented them. Build it before the examiner asks.

02 Build decision-level explainability before adverse action obligations
apply - not model documentation.

Every institution that has faced enforcement action for algorithmic credit decisions was not penalised
because the model was wrong. It was penalised because the explanation infrastructure did not exist.
Decision-level explainability - the ability to reconstruct, specifically and completely, why a particular customer
received a particular outcome, tracing the logic to the data inputs, the model weights, and the specific policy
provisions that governed them - is a different engineering requirement from model documentation. Build it
as part of the model architecture, not as a retrospective reporting function.
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03 ( Treat the three compliance shifts as a sequence, not a menu.

Predictive monitoring before Al-driven oversight. Al-driven oversight before continuous assurance. Each shift
is the prerequisite for the next. Continuous assurance without predictive monitoring has no signal to act on.
Al-driven oversight without determination-level explainability built at the point of model design discovers
that deficiency at the moment of a regulatory examination. Predictive monitoring without governance
controls embedded in the output pipeline detects failures it cannot prevent. The sequence is not optional - it
is the architecture of compliance assurance.

04 { Govern your shadow compliance Al estate before it governs you.

Compliance teams using unsanctioned Al tools for regulated activities - drafting SAR narratives, summarising
regulatory guidance, generating collections communications, preparing regulatory submissions - are
creating regulatory exposure that the EU Al Act, FCA Consumer Duty, and US model risk guidance all reach.
The institution’s accountability applies to what is in operational use, not what was formally approved. An
Al-generated SAR narrative that cannot be validated against the underlying data is not a compliant SAR,
regardless of whether the tool that generated it is on the approved technology list. Build the automation
register. Bring the shadow estate into governance. The compliance function’s shadow Al exposure is almost
certainly larger than its formally governed Al estate.
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The compliance function is where the
promise of Al-first banking is tested. Every
governance decision made in model design,
data architecture, and delivery pipeline
becomes visible here - not in a technology
review, but in a regulatory examination. The
institutions that build compliance assurance
into their Al estate before the examination are
not just better prepared. They are operating
Al-first banking as it was intended: with the
same accountability that banking's social
contract with customers has always required,
engineered into technology that does not
produce it automatically.

CONTINUE THE SERIES

This paper is part of the CIO Mandate
Series - four papers examining the
four imperatives of Al-first banking
transformation.

Paper1 From Digital-First to Al-First: The CIO's

Customer Experience Mandate.

Paper2 The CIO's Guide to Al-Enabled Core

Banking Modernisation.

Paper3 Engineering Trusted Automation in

Al-First Banking Operations.

For the complete framework - the Four-Layer Trust
Architecture, the Al Maturity Spectrum, and the full

market gap analysis - download the Engineering

Trust in Al-First Banking research report at:

WWwWWw.maveric-systems.com/research
engineering-trust-ai-first-bankin
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Maveric Systems

is a banking-exclusive technology specialist with over 25 years of domain expertise. We
partner with global financial institutions to engineer trust in Al-first banking.

While others apply Al at the periphery, we embed it at the core through our proprietary
Al @ Scale framework and Al-powered platforms and solutions. Guided by principles that
engineer trust, we embed fairness, explainability, reliability, and compliance into every Al
solution by design. This enables responsible Al adoption at scale.

Our domain depth across operations and technology in retail and corporate banking,
wealth management, and capital markets, combined with a pragmatic, outcome-driven
delivery model, ensures that every Al initiative is rooted in contextual relevance and
precision.

Backed by dedicated Al Centers of Excellence, a powerful ecosystem of technology
platforms, and recognition from leading industry bodies, we are the trusted engineering
partner for the Al era.

The Maveric Edge
25+ 7+ 12+ ‘ Al@Scale

years of domain Operations and Al powered Platforms Scale Proprietary Framework

mastery Technology Al CoEs and Solutions for Al adoption at Scale




